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Introduction Results

Plasmid assembly from short whole-genome sequencing data 0.
(WGS) results in an accurate but fragmented graph consisting of
hundreds of contigs. Determining whether a contig is plasmid- or
chromosome- derived is challenging and error-prone with existing 5 os0-

Support vector machine (SVM)
was selected as best classifier
(AUC = 0.97 ; F1-score = 0.95)
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long-read sequencing can be used to label a dataset of short-read 0 - . i o (Figure 1)
contigs as chromosome- or plasmid- derived. for

Figure 1. ROC Curves obtained for the tested machine learning algorithms 00

Can we accurately predict the plasmidome content of plasmidome prediction resulted in
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Figure 2. Boxplot showing the posterior probabilities distribution of belonging
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D eve lo pi n g a n ove l m a Ch i n e lea rn i n g Cla SSi fi e r Figure 4. Heatmap showing the distance similarity between strains based on their predicted plasmid gene
content (mlplasmids + Prokka®+ Roary’). Isolation sources are indicated on the left-vertical bar using the same

colours defined in Figure 3. We defined 13 plasmid clusters (top-horizontal bar) to represent all the plasmid
subpopulations present in our collection.

Hybrid assembly to obtain complete genome sequences (Unicycler?)
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